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Abstract: Accurate identification of influential nodes in complex networks is crucial for network management and net-
work security. The local centrality method is concise and easy to use, but ignores the topological relationship between
neighboring nodes and cannot provide globally optimal results. A node importance assessment method was proposed to
correlate the node edge relationship and topology, which firstly applied the H-index and information entropy to assess the
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shows that the proposed method is more accurate than the traditional centrality methods in identifying and ordering the
key nodes in the network.
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